A Motif-based Approach for Identifying Controversy
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How

e Algorithmically identify controversial
discussions on Social Media

e EXxploiting network conversational motifs
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e Features extracted from the User Graph and from the Reply Tree: ’ 7 s
replies to G O@O
o Structural - e.g. Average Node Degree .
o Propagation based - e.g. Average Cascade Depth O—""0 é @

o Temporal - e.g. Average Inter-reply Time
o Conversational Motifs — Dyadic and Triadic
e Machine-Learning model: ADA BOOST, casted into a classification problem
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